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  Abstract 
The mechanisms through which public funding allocates resources to innovative 
ventures—specifically, whether governments prioritize the “jockey” (the entrepre-
neur or entrepreneurial team) or the “horse” (the technology or idea)—remain un-
derexplored. This study addresses this gap by analyzing the determinants of public 
funding decisions through the lens of institutional funding logic, utilizing logit 
models on a dataset of 5,569 observations from InnoFund Beijing. The findings 
reveal that the technology merit exerts approximately twice the influence of team 
capability in predicting a venture’s likelihood of securing public funds. This sug-
gests that, in the context of public funding, the “horse” (technology) is prioritized 
over the “jockey” (team). Furthermore, the study uncovers significant anchoring 
biases in expert evaluations. Specifically, evaluators with prior research and devel-
opment (R&D) experience tend to undervalue the importance of technology merit, 
while those with business expertise place less emphasis on team capability. By re-
solving the “horse vs. jockey” puzzle in public funding, this research deepens the 
understanding of institutional funding logic and contributes novel insights to policy 
design by highlighting how institutional priorities and evaluator biases shape re-
source allocation in emerging contexts. 

Keywords 
Innovative entrepreneurship; technology merit; team capability; public fund; ex-
perts’ experience 

 
1. Introduction 

As a popular saying in the VC industry highlights, VCs would rather “invest in a grade A team with a grade B idea 
than in a grade B team with a grade A idea” (Franke et al., 2008). Previous research has focused on that do private 
investors bet on the “horse” (i.e., the idea or technology merit) or the “jockey” (i.e., the entrepreneur or team capa-
bility) when they make decisions (Mitteness, Baucus, & Sudek, 2012; Harrison & Mason, 2017; Svetek & Drnovšek, 
2022), and most of the research shows that private investors value the entrepreneur more than the idea (Mitteness, 
Baucus, et al., 2012; Liu, Mao, & Tian, 2017). With extant studies overwhelmingly concentrating on private funds, 
although scholars agree that public and private funds should not be considered a homogeneous group (Pahnke, Katila, 
& Eisenhardt, 2015; Rathje & Katila, 2018), little is known about the decision process of public fund until now 
(Colombo, Cumming, & Vismara, 2016; Henke, 2022; Wang, Li, & Furman, 2017; Wang, Siegel, & Li, 2024). 
Therefore, this raises an interesting question: “Do the decision-makers of governments bet on the horse or the jockey 
when they pick high-potential, under-funded programs”? 
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Besides, existing research on public fund selection overwhelmingly ignored the heterogeneity of evaluation experts 
(Wang et al., 2017, 2024). In the review stage of the governmental fund, evaluation experts from different vocational 
backgrounds (for instance, technologists and investors) were invited to evaluate innovative venture projects inde-
pendently. Different experts have different experiences concerning technology and business, which may frame their 
unique perceptions of firms’ technology merit and team capability (Lo & Li, 2018; Murnieks et al., 2011; Svetek & 
Drnovšek, 2022). Thus, it is also crucial to examine the contingent effects of experts’ experience in the selection 
process of public funds, which fills the ignored perspective of the existing research. 

Based on these gaps mentioned before, this paper addresses two central questions: (1) Which selection strategies 
are used by governments, especially governments in emerging markets, when they make decisions on the funding 
potential of innovative projects; in other words, does public fund bet on the technology merit or the team capability 
when picking high-potential and underfunded projects? This paper aims to address the puzzle concerning the relative 
importance of a project’s technology merit and team capability when seeking access to the public fund. (2) How does 
the experience of evaluation experts moderate the relationship mentioned above? To answer these questions, govern-
ments’ public funding logic is used to explain which aspect plays a dominant role in determining whether an innova-
tive project is to be funded or not. Besides, the anchoring effect, derived from psychology and behavioral economics 
(Beggs & Graddy, 2009; Epley & Gilovich, 2006), is leveraged to hypothesize how past typical expertise moderates 
the relationship between technology merit/team capability and the access to public fund for innovative ventures. 

Overall, our findings contribute to the literature in three main ways. First, many studies have attempted to find out 
whether government fund that aims to promote firms’ innovation performance has a positive or negative impact on 
firms’ innovation inputs (Boeing, 2016; Dimos & Pugh, 2016) and outputs (Bronzini & Piselli, 2016; Wang et al., 
2017, 2024). However, few studies look further to explore how the government picks these “lucky” innovative pro-
jects. It is acknowledged that, for public intervention to be sustainable for society, the funding selection process must 
be both effective and efficient. On the one hand, the public fund should be directed toward those financially con-
strained firms that exhibit the best prospects and are thus expected to provide the largest benefit in terms of economic 
output and societal welfare (Takalo & Tanayama, 2010). On the other hand, the identification of the most promising 
firms must be cost-effective and resource-sparing (Sitruk et al., 2025). Quite surprisingly, despite the selection criteria 
being a crucial driver for the successful allocation of public funds, few studies have explicitly analyzed the mecha-
nisms through which innovative firms are selected by government funds (Criscuolo et al., 2017; Lo & Li, 2018; Wang 
et al., 2024). Through exploring the screening mechanism of public funds, we aim to inform the broader public about 
the impact of public policy towards innovative entrepreneurship and, hopefully, to provide policymakers with insights 
of how to better hit the innovative projects that in urgent financial help, which may guide future interventions. 

Second, evaluation experts typically comprise technologists and managers who make picking decisions in dedi-
cated meetings. Previous studies on funding decisions usually focus only on the characteristics of targets or innovators, 
there is a scarcity of such studies combining the characteristics of evaluators due to the difficult data collection and 
other limitations (Criscuolo et al., 2017; Jing Zhou et al., 2019); as a result, evaluation experts are often black-boxed. 
We argue that evaluation experts are essential to understand because evaluation experts are subject to managerial 
discretion. Evaluation experts, we suggest, offer an important, yet overlooked, theoretical lens for understanding how 
selection decisions of the public fund are made and under what conditions the government favors technology merit 
or team capability. This explorative paper tries to make contributions by exploring how the R&D experience and 
business experience of these evaluation experts influence the applicants’ access to the public fund. We introduce the 
anchoring effect to explain how knowledge accumulated through past experiences influences decision-making, which 
combines innovative entrepreneurship with views from psychology. 

Third, many scholars have studied the impact of such funds with mixed results (Jourdan & Kivleniece, 2016; 
Jianghua Zhou et al., 2020). Previous studies indicate that the underperformance of public-funded firms relative to 
self-funded firms may be caused due to lower engagement in coaching and monitoring activities (Rathje & Katila, 
2018). However, they might ignore an important factor that should not be neglected—the selected investee firms may 
be different owing to distinctive logic held by public and private funds, in other words, the screening mechanism 
between public and private funds may differ. This paper attempts to identify if uniqueness exists in the selection 
process of governmental funds, which responds to the insufficiency of previous wisdom. 

2. Theory and Hypotheses 

Few people would argue that an innovative project can achieve long-term success without both a novelty technology 
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and a capable team. Which is more critical, a novelty team or a capable team? Research on private venture capital 
argues that private investors are more likely to invest in a capable team rather than a novelty technology (Franke et 
al., 2008; Mitteness, Baucus, et al., 2012). Innovation investment of private funds is purely driven by financial goals, 
while government fund pursues other objectives and care more beyond the return on investment (Foray, Mowery, & 
Nelson, 2012). The government fund indeed considers a broader set of policy and social goals, and the fund is sup-
posed to generate job creation and economic growth in specific sectors or regions. 

Viewed through the lens of an inter-institutional system, society is organized by several cornerstone institutions 
such as family, religion, democracy, state, market, profession, corporation, and community (Friedland & Alford, 
1991). Each institutional order is associated with a unique set of “logics,” defined as “assumptions and values, usually 
implicit, about how to interpret reality, what constitutes appropriate behavior, and how to succeed” (Thornton, Ocasio, 
& Lounsbury, 2012). Logics represent a frame of reference that guides preconditions actors’ sensemaking choices in 
categorizing the world and infuses activity with meaning and value (Lo & Li, 2018). Thus, the public fund and private 
fund should have quite different logic when making judgments. Since prior research has also found that governmental 
logic has a profound impact on its behaviors (Rathje & Katila, 2018; Thornton et al., 2012), we argue that the relative 
importance of technology merit and team capability in the eyes of public investors varies from that in the eyes of 
private investors. 

The anchoring effect belongs to one of the most extensively studied cognitive biases in judgment and has shown 
to be robust in behavioral economics and other domains (Beggs & Graddy, 2009; Epley & Gilovich, 2006), which 
indicates that people will make judgments relying heavily on their referent information (known as “anchor”) (Tversky 
& Kahneman, 1981). Baron and Ensley (2006) have found that experienced entrepreneurs would be more concerned 
about the contents or details of business opportunities than novice entrepreneurs. It is also undoubted that experts 
with high expertise levels will make useful and professional judgments on the projects to be selected. Some research 
begins to explore the positive moderating role of audiences’ past experiences through the lens of similarity or prox-
imity (Criscuolo et al., 2017; Patel & Wolfe, 2021). However, based on the anchoring effect, experts with related 
experience will make decisions according to their relatively high referent point, which increases the requirements for 
innovative start-ups (Thaler & Johnson, 1990). Thus, we propose the possible negative moderating role of experts’ 
experience based on the anchoring effect (Baron & Ensley, 2006; Beggs & Graddy, 2009). 

2.1 Technology merit, team capability, and access to public funds for innovative projects 

Public funding logic, derived from the ideal type of government (Thornton et al., 2012), shapes distinctive selection 
criteria for innovative projects to fund. Specifically, public funding logic manifests itself in three different ways: a 
basis of norms derived from cherry-picking, a basis of attention derived from technology-focused innovation, and a 
basis of strategy developed from a desire to use technology to achieve public good (Thornton et al., 2012; Rathje & 
Katila, 2018). 

The basis of norms in public funding logic is derived from cherry-picking (investing in projects with best perform-
ers) rather than frog-kissing (investing in projects in need) (Wang et al., 2017), which leads managers of public funds, 
usually civil servants, less tolerant to the risk and uncertainty (Rathje & Katila, 2018; Wang et al., 2017). Technology 
merit can be presented through image, sound, product prototype, or other tools; however, team capability is one 
typical intangible asset with risk and uncertainty, which is quite challenging to measure (Corrado & Hulten, 2010). 
Public fund managers know that the technology merit will easily create firms’ competitive advantages in a short 
period and have more confidence to realize social good using existing emerging technology that they can see or touch 
(Kapoor & Furr, 2015; Rathje & Katila, 2018). Consequently, tangible technology is more effective information for 
government fund decision-makers to rely on compared with intangible team capability. 

The basis of attention in public funding logic is derived from a fundamental focus on technology (Rathje & Katila, 
2018). For instance, the designers of the public fund are largely based on NASA technology readiness levels (TRLs)1. 
This framework details nine prescribed steps by which technologies mature from basic principles to successful mis-
sion operations. Governmental departments tie public funds to the advancement of technology in such a way that 
only innovative high-tech ventures that meet certain technology standards can apply for the public fund, however. 
However, there are no rigid requirements for the applicant firms’ human capital (Armanios, Eesley, Li, & Eisenhardt, 
2017). This basis of attention makes public fund managers select projects based on the degree of the technology 

 
1 https://www.nasa.gov/directorates/heo/scan/engineering/technology/txt_accordion1.html. 
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progress and less sensitive to the innovative team’s capability (Bertoni & Tykvová, 2015; Rathje & Katila, 2018). 
The basis of strategy in public funding logic is derived from a desire to use technology to achieve public good. 

Specifically, the public fund ties some scientific or technological realm to a public good, allowing innovators to 
propose how their innovative technology will meet socially-determined objectives. Public money usually aims to 
fund innovative projects that possess promising technology beneficial to society, but which lack the necessary fund-
ing to bring the technology to fruition (Cobb, Wry, & Zhao, 2016; Kolympiris, Kalaitzandonakes, & Miller, 2014). 
In this regard, technologies with the potential to spawn positive externalities, such as those with prospects of stimu-
lating growth in other sectors, have higher chances of attaining the public fund (Cobb et al., 2016; Rathje & Katila, 
2018). Therefore, technology merit matters more than team capability when public fund managers select innovative 
projects to fund. 

In sum, public funding logic shapes the government concerning technology very much when selecting innovative 
projects from thousands of applicants to fund. On the basis of the arguments above, the hypothesis is proposed as 
follows: 

Hypothesis 1: Ceteris paribus, technology merit is a stronger positive indicator than team capability in pre-
dicting the likelihood of access to public funds for innovative projects. 

2.2 R&D experience of evaluation experts 

Given that prior research has considered a lot of possible effects of the characteristics of innovators or innovative 
teams on public funding, we shift the focus to evaluation experts and explore how they affect innovative projects to 
get public funds (Criscuolo et al., 2017). As is well known, expert judgments are influential in several ways, including 
acting as predictors of commercial success and influencers of popular opinion (Ioannou & Serafeim, 2015), as well 
as gatekeepers of vital resources (Ecken & Pibernik, 2016; Mollick & Nanda, 2016). Scholars have evidenced that 
individuals evaluate the potential of an opportunity based on their motivation, knowledge, and experience (Shepherd, 
Zacharakis, & Baron, 2003; Mitchell, Shepherd, & Sharfman, 2011; Jing Zhou et al., 2019). Mitteness, Sudek, and 
Cardon (2012) found that investor characteristics such as age, gender, and personality could influence the funding 
results of possible investees. Research also revealed significant differences in business opportunity preferences of 
individuals with technological, managerial, and entrepreneurial experience (Gruber, Kim, & Brinckmann, 2015). 

As Maitland and Sammartino (2015) described, when experts make decisions, they first identify and encode the 
current problem’s salient characteristics, search a library of experiences to retrieve encoded knowledge from a pre-
vious problem with similar structural relationships, and use these experiences to make inferences about the current 
problem. Experts can recognize and retrieve large numbers of chunks or patterns that are rationally similar to a prob-
lem at hand from long-term memory, as the anchoring effect described (Beggs & Graddy, 2009; Epley & Gilovich, 
2006). 

Although some scholars suggest that relevant industry experience could strengthen the possible relationship be-
tween technology merit/team capability and access to public funds from the lens of similarity or proximity (Criscuolo 
et al., 2017; Patel & Wolfe, 2021), we argue that the experience of evaluation experts may play a negative moderating 
role built upon anchoring effect. Researchers have shown that individuals form their anchor through their substantial 
experience in a particular domain (Beggs & Graddy, 2009; Epley & Gilovich, 2006). Each different type of experi-
ence could lead to a different schema or knowledge structure. 

Experienced experts who possess first-hand R&D knowledge can identify the details of the technology, know the 
actual value of the technology, and give their objective judgments from an insider view (Gruber et al., 2015; Oehm-
ichen, Schrapp, & Wolff, 2017). R&D experience also enables experts to perceive the strategic weakness of the 
technology owing to within-industry comparisons (Oehmichen et al., 2017). As a result, experts with R&D experience 
can more easily identify the possible threats and possibilities of failure because they are more familiar with the in-
dustry trends and competitors’ moves (Baron & Ensley, 2006; Gruber et al., 2015). 

Evaluation experts with extensive R&D expertise have more opportunities to be exposed to different novelty ideas, 
leading to a higher requirement for technology merit to achieve the public fund, in other words, increasing their 
anchor (Beggs & Graddy, 2009; Mussweiler, Strack, & Pfeiffer, 2000). Experts with R&D experience think that 
superior technology is a matter of course, and should not be a sufficient condition but a necessary condition to get 
access to public funds for innovative projects (Kapoor & Furr, 2015). With these arguments in mind, we propose the 
following hypothesis: 
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Hypothesis 2: Ceteris paribus, the R&D experience of evaluation experts negatively moderates the positive 
likelihood of access to public funds for innovative projects predicted by technology merit, such that the 
likelihood will be weakened for evaluation experts with R&D experience. 

2.3 Business experience of evaluation experts 

As mentioned before, experienced individuals possess more comprehensive and detailed schemata than inexperienced 
individuals (Baron & Ensley, 2006). Experienced individuals also group domain-specific knowledge in more mean-
ingful ways than those with little experience, will draw on more clear concepts, create richer connections between 
concepts, and will be able to apply domain-specific problem-solving procedures they have developed over time to 
make critique judgments (Franke et al., 2008). Baron and Ensley (2006) found the prototypes of experienced entre-
preneurs were more clearly defined, more abundant in content, and more concerned with factors and conditions re-
lated to starting and running a new venture than the prototypes of novice entrepreneurs. 

Experts having business experience are more likely to perceive underlying uncertainties and risks about team ca-
pability than experts without any business experience (Gruber et al., 2015). Due to previous experience in the business 
world, experts with business experience could easily realize that more effort and time need to be exerted in order to 
make innovative projects commercially successful (Franke et al., 2008). Therefore, with team capability increasing, 
the likelihood of getting access to public funds for innovative projects increases at a slower rate in the eyes of experts 
with business experience compared to those without. 

Experts with business experience see too many failures of innovative projects with excellent team building and 
think that team capability is a necessary condition to acquire public funds but not a sufficient condition (Franke et al., 
2008). Therefore, evaluation experts with business experience are supposed to have higher criteria regarding team 
capability; in other words, higher anchors when making judgments on team capability (Beggs & Graddy, 2009). Thus, 
we hypothesize the following: 

Hypothesis 3: Ceteris paribus, the business experience of evaluation experts negatively moderates the pos-
itive likelihood of access to public funds for innovative projects predicted by team capability, such that the 
positive likelihood will be weakened for evaluation experts with business experience. 

3. Data and Method 

3.1 Sample 

The China context represents an ideal setting where the selection mechanism of the public fund should be studied. 
First, the China context is characterized by a relatively high number of innovation funds, launched to compensate for 
the less mature development of the capital market compared to the US (Armanios et al., 2017; Jianghua Zhou et al., 
2020), giving us an opportunity to collect unique information about public funding decision. 

Innovation Fund for Small and Medium High-tech Enterprises in Beijing (commonly known as “InnoFund Bei-
jing”) was initiated by the Beijing government, aiming to provide a seeding fund for the development of emerging 
technologies with applications across industries. We used the information from all applicant projects and the final 
funding results in 2017 to test the hypotheses. Excluding projects, firms, and experts with missing information, the 
final sample includes 1574 projects evaluated by 217 experts, and 5569 observations in total2. Finally, 271 of the 
1574 projects got the InnoFund Beijing’s support, indicating the funding ratio was about 17.21%. 

3.2 Measures 

Dependent variable. We used Funded as the dependent variable, which is a dichotomous variable indicating whether 
the focal project got access to InnoFund Beijing, with 1 = funded and 0 = not funded. 
Independent variables. Following prior work (Corrado & Hulten, 2010; Kapoor & Furr, 2015), we measured Tech 
merit using scores evaluated by evaluation experts. Four items were included: technology innovativeness, the pro-
portion of independent R&D technology, intellectual property of technology, and budget rationality of technology. 
All items were rescaled to be comparable, ranging from 1 to 7 (Carroll, 2017). 

Team capability was measured by asking evaluation experts, “To what extent do you rate the team’s competence 

 
2 Not each project has 5 observations due to the missing of some experts’ information. 
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for the project?” (Franke et al., 2008). Responses were also rescaled to meet the comparable requirement, ranging 
from 1 to 7 (Carroll, 2017). 
Moderator variables. Evaluation experts were asked to respond whether they had R&D experience (i.e., designing 
or developing experience) or business experience (i.e., management or investing experience), allowing us to create 
two dichotomous variables with yes equals 1, and no equals 0 for the two kinds of experiences. 
Control variables. To account for the possibility that firm characteristics may make a difference in the funding 
results of focal projects, we controlled for several variables at the firm level to tease out the impacts of firms that the 
focal projects are affiliated with. FirmAge measured the duration since the firm was founded until the application 
year. The lnEmplNum means the natural logarithm of the number of employees in the firm. The firms’ operating 
indicators such as total tax amount, revenue, and ROA in 2016 (the year before application) were also controlled. 
InnovEntAward, indicating whether the firm had won an innovation or entrepreneurship competition ever before, was 
also controlled, considering that such awards have certification effects on acquiring the public fund. Recommendation 
measured whether the firm was recommended by an incubator, an industry association, etc., with 1 = recommended 
and 0 = not recommended. HighTech recorded whether the firm acquired the certification of National High-tech 
Enterprise, with acquired is equal to 1 and not acquired is equal to 0. Additionally, the industry of the focal project 
was also controlled in the analyses. 

3.3 Analysis strategy 

Since the unit of analysis is an individual project’s evaluation given by different experts, and observations of the 
same project may not be independent of each other, we opt for a robust cluster variance estimator to account for 
possible intra-cluster (within-project) correlations. We also clustered observations within each evaluation expert as a 
robustness check. As reported later, we replaced the dependent variable with the other dichotomous variable—Due 
diligence, measuring whether the projects proceeded to the due diligence process before final funding—as further 
robustness examination. 

To reduce potential multicollinearity concerns, and to make the results more interpretable, we followed Aiken and 
West (1991), standardized our key predictors—technology merit and team capability—and took the natural logarithm 
of the number of employees, total tax amount, and revenue of the firms that focal projects affiliated with. 

4. Results 

The summary statistics and correlations for the variables used in our study are presented in Table 1. The mean age of 
these applicant firms is 1.874, evidencing that the applicants are young. The correlations between Tech merit, Team 
capability, and Funded provide preliminary support for our analyses. The mean VIF of the full model is 2.26, con-
firming that multicollinearity is not a threat in our models. The Cronbach’s α of Tech merit is 0.734, indicating good 
reliability. 

The logit regression results of access to public funds for innovative projects clustered by the firm are shown in 
Table 2. Model 1 is the baseline model with control variables. Hypothesis 1 proposes that technology merit would 
exhibit a stronger positive indicator than team capability in predicting the likelihood of getting access to the public 
fund. As hypothesized, both the coefficients in Model 2 are positive (b = 0.892 and b = 0.371, p < 0.001, respectively), 
and the regression coefficient of technology merit is over two times greater than team capability (we conduct addi-
tional tests of this hypothesis below). In terms of effect size, a 1 SD increase in technology merit (after standardization) 
is associated with a 103% increase in the likelihood of being granted, whereas a 1 SD increase in team capability 
(after standardization) is associated with a 38% increase in the likelihood of access to the public fund3. Therefore, 
Hypothesis 1 is supported. 

Models 3 to 5 provide results regarding whether the R&D experience or business experience of evaluation experts 
would have moderating effects. Hypothesis 2 states that the R&D experience of evaluation experts negatively mod-
erates the positive association between technology merit and access to public funds. Model 3 shows that the coeffi-
cient of interaction between technology merit and R&D experience is negative and significant (b = -0.364, p < 0.01). 
As logit is a non-linear model, we avoid making any interpretations on the direction of the effect of moderating 
variables based on the sign of its coefficient in the regression model (Hoetker, 2007; Zelner, 2009). We use the 

 
3 Effect size is calculated as the exponent of a 1SD change in an explanatory variable multiplied by the coefficient in Model 2 of Table 2, e.g., for team 
capability, e^ (0.866 × 0.371) = 1.379. 
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“margins” command to plot the relationship between technology merit and the probability of access to public funds 
for innovative projects in the eyes of evaluation experts having R&D experience or not. As shown in Figure 14, the 
likelihood of an innovative project acquiring public funds increases at a slower rate when evaluation experts have 
R&D experience previously, supporting our Hypothesis 2. According to the distribution of technology merit values, 
more than half of the values fall in the range that we used to plot the figure, suggesting the moderating effect of R&D 
experience on the likelihood of being granted predicted by technology merit is meaningful. 

Table 1. Summary statistics and correlations of the variables 

 Me
an SD 1 2 3 4 5 6 7 8 9 10 11 12 13 

1. 
Funded 

0.1
68 

0.3
74              

2. Tech 
merit 

0.0
54 

0.7
95 

0.265
***             

3. Team 
capabil-
ity 

0.0
46 

0.8
66 

0.220
*** 

0.544
***            

4. 
RDExp 

0.3
94 

0.4
89 -0.012 0.032

** 

-
0.023

* 
          

5. Bi-
zExp 

0.5
77 

0.4
94 -0.006 

-
0.130
*** 

0.021 
-

0.426
*** 

         

6. Fir-
mAge 

1.8
74 

0.8
06 

0.095
*** 

0.076
*** 

0.045
*** -0.007 

-
0.0
03 

        

7. 
lnEmpl-
Num 

2.8
52 

0.6
08 

0.100
*** 

0.031
** 

0.114
*** -0.005 0.0

15 
0.177
***        

8. 
lnTtlTax 

1.1
07 

1.2
01 

0.075
*** 

0.072
*** 

0.076
*** -0.010 0.0

00 
0.366
*** 

0.282
***       

9. 
lnROA 

3.0
26 

1.6
65 -0.013 0.022 0.009 0.009 

-
0.0
02 

0.275
*** 

0.154
*** 

0.201
***      

10. 
lnReve-
nue 

3.3
76 

2.1
94 

0.058
*** 

0.054
*** 

0.059
*** -0.008 0.0

05 
0.460
*** 

0.304
*** 

0.654
*** 

0.275
***     

11. Inno-
vEntA-
ward 

0.1
21 

0.3
26 

0.192
*** 

0.076
*** 

0.056
*** 

-
0.026

* 

0.0
08 -0.001 

-
0.043
*** 

-
0.031

** 
0.006 

-
0.029

** 
   

12. Rec-
ommen-
dation 

0.4
47 

0.4
97 

0.158
*** 

0.035
*** 

0.029
** -0.007 

-
0.0
06 

-
0.122
*** 

-
0.165
*** 

-
0.097
*** 

-
0.042
*** 

-
0.074
*** 

0.143
***   

13. 
HighTec
h 

0.1
45 

0.3
52 

0.071
*** 

0.096
*** 

0.038
*** 0.004 0.0

04 
0.376
*** 

0.165
*** 

0.243
*** 

0.064
*** 

0.271
*** 

-
0.045
*** 

-
0.085
*** 

 

Notes. Significance level: *** p<0.01, ** p<0.05, * p<0.1. 
Tech merit and team capability are standardized, the same as below. 
 

Hypothesis 3 suggests that previous business experience would weaken the likelihood of access to public funds 
predicted by team capability. The coefficient of the interaction of team capability and business experience is negative 
and significant in Model 4 (b = -0.220, p < 0.10), we also plotted this relationship to make the moderating effect easy 
to interpret. As shown in Figure 2, with team capability increasing, the likelihood of innovative projects receiving 
public funds increases at a slower speed when evaluation experts have business experience. Thus, Hypothesis 3 is 
supported. Additionally, the range of team capability we used to plot the relationship is meaningful. 

 
4 Since we plotted the interactions between values of 0.35 and 1.45 for technology merit, the plot seems linear in nature as opposed to typical S-shaped 
curve in case of logit model. We plotted the same relationship for all values of technology merit, confirming that the relationship is S-shaped and consistent 
with the form of logistic function. Please contact the corresponding author for more details. The same applies to Figure 2. 
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Table 2. Logit regression results clustered by the firm 

 (1) (2) (3) (4) (5) 

VARIABLES funded funded funded funded funded 

Controls      

FirmAge 0.328** 0.315** 0.319** 0.316** 0.322** 

 (0.106) (0.108) (0.108) (0.108) (0.108) 

LnEmplNum 0.551*** 0.532*** 0.533*** 0.529*** 0.531*** 

 (0.128) (0.133) (0.133) (0.133) (0.133) 

LnTtlTax 0.121 0.088 0.088 0.089 0.091 

 (0.087) (0.087) (0.088) (0.087) (0.088) 

LnROA -0.099* -0.105* -0.105* -0.106* -0.106* 

 (0.048) (0.049) (0.049) (0.049) (0.049) 

LnRevenue -0.042 -0.039 -0.039 -0.040 -0.039 

 (0.051) (0.051) (0.051) (0.051) (0.051) 

InnovEntAward 1.184*** 1.123*** 1.123*** 1.121*** 1.125*** 

 (0.187) (0.188) (0.188) (0.188) (0.188) 

Recommendation 0.978*** 0.971*** 0.972*** 0.968*** 0.969*** 

 (0.155) (0.156) (0.156) (0.156) (0.156) 

HighTech 0.271 0.149 0.146 0.145 0.143 

 (0.206) (0.209) (0.209) (0.210) (0.209) 

Industry Included Included Included Included Included 

Independent variables      

Tech merit  0.892*** 1.037*** 0.903*** 1.069*** 

  (0.068) (0.086) (0.071) (0.088) 

Team capability  0.371*** 0.379*** 0.506*** 0.581*** 

  (0.057) (0.057) (0.096) (0.097) 

Moderators      

RDExp   0.070  0.146 

   (0.093)  (0.103) 

Tech merit × RDExp   -0.364**  -0.448*** 

   (0.123)  (0.126) 

BizExp    0.200** 0.207** 

    (0.071) (0.080) 
Team capability × Bi-

zExp    -0.220† -0.318** 

    (0.117) (0.119) 

Constant -4.162*** -4.442*** -4.526*** -4.556*** -4.663*** 

 (0.612) (0.637) (0.638) (0.652) (0.653) 

Observations 5,569 5,569 5,569 5,569 5,569 

Pseudo R2 0.093 0.178 0.180 0.179 0.182 

Notes. The numbers in parentheses are the robust standard errors clustered by the firm, and the stars after the coefficients denote the significant level, *** 
p<.001, ** p<.01, * p<.05 † p<.10. 
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Figure 1. The moderating effect of R&D experience on the likelihood of access to public funds predicted by technology merit. 

 
Figure 2. The moderating effect of business experience on the likelihood of access to public funds predicted by team capability. 

The full model, Model 5, gives similar results (b = -0.448, p < 0.001; b = -0.318, p < 0.01, respectively), indicating 
Hypothesis 2 and Hypothesis 3 are supported. 

4.1 Robustness analyses 

In order to further support the main hypothesis, Hypothesis 1, we conducted some robustness analyses. Firstly, as 
mentioned before, we ran the logit regression model clustered by the expert rather than firm considering the possible 
intra-cluster (within expert) correlations. Results of Model 6 and Model 7 suggest that the coefficient of technology 
merit is over two times greater than that of team capability, indicating technology merit matters more in predicting 
access to public funds for innovative projects. Secondly, we ran the probit model clustered at the firm level, and 
Model 8 & Model 9 gave similar results. Thirdly, we replaced the dependent variable with Due diligence, a dichoto-
mous variable measuring whether the applicant project enters the due diligence phase before getting the final public 
fund. As is known, stepping into the due diligence stage is more accessible than receiving the final public fund, and 
these two are theoretically highly correlated. Model 10, and Model 11 show that the technology merit’s prediction in 
the likelihood of getting due diligence chance is about two times greater than team capability. 

Finally, we also conducted the relative weight analysis to provide further support for Hypothesis 1. Recently re-
searchers have conducted relative weight analysis to examine the simultaneous impact of correlated predictor varia-
bles because this type of analysis considers the direct effect of each predictor and its joint effect with other variables 
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when partitioning the predictable criterion variance among them (Liu et al., 2017). Results of the relative weight 
analysis appear in Table 4, showing that technology merit weights more than team capability when predicting access 
to public funds for innovative applicants. Specifically, technology merit accounts for about 33.6% of the explained 
variance, while team capability only accounts for about 17.7% across different models to predict funding results. As 
for predicting the likelihood of due diligence, technology merit is an even stronger predictor, accounting for about 
36.1% of the explained variance. Thus, Hypothesis 1 is strongly supported, given the results of these robustness 
analyses. 

Table 3. Robustness Analyses 

 Logit model clustered by the ex-
pert 

Probit model clustered by the 
firm Logit model clustered by the firm 

VARIABLES (6) funded (7) funded (8) funded (9) funded (10) due dili-
gence 

(11) due dili-
gence 

Controls       

FirmAge 0.328*** 0.315*** 0.180** 0.173** 0.115 0.096 

 (0.054) (0.057) (0.059) (0.060) (0.086) (0.087) 

LnEmplNum 0.551*** 0.532*** 0.308*** 0.297*** 0.445*** 0.400*** 

 (0.063) (0.066) (0.073) (0.074) (0.108) (0.109) 

LnTtlTax 0.121** 0.088† 0.076 0.053 0.132* 0.104 

 (0.044) (0.046) (0.047) (0.047) (0.067) (0.067) 

LnROA -0.099*** -0.105*** -0.053* -0.058* -0.029 -0.031 

 (0.026) (0.027) (0.026) (0.027) (0.037) (0.038) 

LnRevenue -0.042 -0.039 -0.027 -0.023 0.056 0.065† 

 (0.026) (0.026) (0.028) (0.028) (0.038) (0.039) 

InnovEntAward 1.184*** 1.123*** 0.683*** 0.644*** 1.153*** 1.059*** 

 (0.100) (0.101) (0.109) (0.109) (0.222) (0.225) 

Recommendation 0.978*** 0.971*** 0.546*** 0.546*** 0.757*** 0.762*** 

 (0.076) (0.078) (0.085) (0.087) (0.124) (0.125) 

HighTech 0.271* 0.149 0.154 0.093 0.546** 0.507* 

 (0.108) (0.110) (0.118) (0.119) (0.202) (0.207) 

Industry Included Included Included Included Included Included 
Independent varia-

bles       

Tech merit  0.892***  0.486***  0.726*** 

  (0.073)  (0.036)  (0.048) 

Team capability  0.371***  0.202***  0.397*** 

  (0.061)  (0.031)  (0.045) 

Constant -4.162*** -4.442*** -2.380*** -2.501*** -1.385** -1.111* 

 (0.290) (0.367) (0.338) (0.350) (0.485) (0.498) 

Observations 5,569 5,569 5,569 5,569 5,569 5,569 

Pseudo R2 0.093 0.178 0.093 0.178 0.084 0.175 

Notes. The numbers in parentheses are the robust standard errors, and the stars after the coefficients denote the significant level, *** p<.001, ** p<.01, * 
p<.05. 
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Table 4. Results of the relative weight analysis 

 Logit model clustered 
by the firm 

Logit model clustered 
by expert 

Probit model clustered 
by the firm 

Logit model clustered 
by the firm 

 Funded Funded Funded Due Diligence 

Selection criteria     

Tech merit 0.0600 0.0600 0.0599 0.0632 

Team capability 0.0315 0.0315 0.0315 0.0389 

R2 0.1781 0.1781 0.1783 0.1749 

Percent of R2     

Tech merit 33.68% 33.68% 33.62% 36.14% 

Team capability 17.70% 17.70% 17.67% 22.23% 

Notes. This table reports the comparisons of relative importance between tech merit and team capability in different models. The percentage of R2 provides 
the importance of tech merit and team capability in explaining the probability of access to the public fund, respectively. 

5. Discussion 

Building upon findings that private investors such as venture capitalists are more willing to bet on “jockeys” rather 
than “horses” when making investment decisions (Mitteness, Baucus, et al., 2012; Harrison & Mason, 2017; Svetek 
& Drnovšek, 2022), we first asked the question do “horses” also matter less in the public funding decisions. The 
empirical results then show that on the contrary, “horses” matter more than “jockeys” in predicting the likelihood of 
access to public funds, specifically, technology merit’s effect is over two times greater than team capability; thus, our 
Hypothesis 1 is supported. We also show that evaluation experts do not represent a homogenous group of individuals. 
Their different types of expertise affect the funding results, that is, the R&D experience of evaluation experts weakens 
the likelihood of access to public funds predicted by technology merit, and the business experience of evaluation 
experts weakens the likelihood of access to public funds predicted by team capability, supporting Hypothesis 2 and 
Hypothesis 3. 

It is important to note that the results do not imply that excellent team capability is not essential. However, the 
results suggest that a poor or inappropriate team is much more likely to be remedied by introducing new members 
than a poor or inappropriate technology is to be remedied by improving technology merit when seeking public re-
sources. 

5.1 Theoretical contributions 

First, besides addressing financial gap problems, the public fund aims to pursue investments that will ultimately yield 
social payoffs and positive externalities for the whole society. The drawback of these instruments, however, is that 
they may crowd out rather than stimulate private investments. Not talking about the possible crowding in or crowding 
out effects, this paper focuses on which characteristic the public fund values most, aiming to answer the important 
question: do the decision makers of governments bet on the “horse” or the “jockey” when they pick high-potential, 
under-funded programs? Consistent with scholars suggest that a firm must be organized around nonhuman capital 
assets (Hart, 1995; Svetek & Drnovšek, 2022), our findings suggest that nonhuman capital asset – technology merit 
– matters more in getting access to public funds, evidencing “the horse” matters more. Scholars have long debated 
the effect of the public fund on innovations, asserting that firms and government have different logic (private logic 
vs. public logic) (Rathje & Katila, 2018; Thornton et al., 2012). However, few studies tried to disentangle the selec-
tion mechanism of public funds due to data collection and other difficulties. The results evidence that differences do 
exist between public funding logic and private funding logic, answering scholars’ call to investigate different logics 
between sectors (Thornton et al., 2012; Wang et al., 2024). 

Second, this study sought to develop a theoretical explanation for differences in the likelihood of access to public 
funds by specifying factors beyond the technology merit and team capability. Prior studies on private venture capital 
have focused on the experience or the type of experts as a moderating role in investment decisions (Mitteness et al., 
2012; Gruber et al., 2015; Tata & Niedworok, 2018). Due to data limitations, heterogenous experts’ effects have been 



Lun Li 
 

 

DOI: 10.26855/jhass.2025.01.027 200 Journal of Humanities, Arts and Social Science 
 

long ignored in government fund research (Wang et al., 2017). This study adds to public fund research by investigat-
ing the contingency effects of R&D experience and the business experience of experts on the probability of getting 
access to public funds for innovative projects, explained by the anchoring effect. Our combination work of institu-
tional logic and anchoring effect also builds a bridge between research on management, psychology, and behavioral 
economics (Beggs & Graddy, 2009), which contributes to understanding how specific public policies or programs 
channel resources to small scale, experimental, and high-growth new ventures (Haltiwanger, Jarmin, Kulick, & Mi-
randa, 2016; Haltiwanger, Jarmin, & Miranda, 2012). 

Third, recently, the voice of underperformance of innovative projects supported by the government amplified 
(Alperovych, Huebner, & Lobet, 2015; Bertoni & Tykvová, 2015; Colombo et al., 2016), therefore, clarifying the 
picking process of the public fund seems particularly essential in this climate. Scholars give some explanations such 
as the government is not good at coaching or monitoring (Rathje & Katila, 2018), while we provide new insight, that 
is, the selection mechanism between the public fund and the private fund is different. We have addressed this issue 
by untangling whether technology merit or team capability weighs more in public funding selection and seeing how 
evaluation experts’ past experiences shape the funding potential of innovative programs. 

5.2 Practical implications 

Besides contributing to the literature, this paper also offers practical implications for innovative start-ups, as well as 
policymakers. 

Firstly, innovative young firms play a pivotal role in modern technology-based economies; since they are important 
sources of new jobs, productivity growth, and technology progress (Colombo et al., 2016). Unfortunately, innovative 
start-ups are particularly exposed to financial constraints (Cumming & Johan, 2017; Guerini & Quas, 2016). The 
innovative nature and high uncertainty make it difficult for external investors to gauge the potential of innovative 
projects (Guerini & Quas, 2016). Government fund represents one form of public intervention aimed at alleviating 
market failures linked to the undersupply of finance to early-stage high-tech firms. Firms receive a “stamp of approval” 
(Guerini & Quas, 2016; Lerner, 2010) if public money is assigned through a competitive selection mechanism that 
testifies to the value of the innovative programs proposed by the firm over other potential applicants. This certification 
signals the firm to the external audience and erases access to additional private funding (Guerini & Quas, 2016). 
Therefore, our results may help innovative start-ups in urgent need of external funding support to know which aspect 
they should emphasize when seeking important resources from public sectors. 

Furthermore, the empirical analyses imply that technology merit contributes about two times more than team ca-
pability predicting access to public fund, while experts’ experience shows consistent negative moderating effects. 
Therefore, for innovative start-ups, the most effective way to acquire public funds is to develop and reveal their 
technology merit and potential (through R&D, patent development, or attractive business plans) (Mitteness et al., 
2012), which weighs more in the selection process of public fund and can decrease the anchoring cognitive biases of 
experts. 

Secondly, previous studies reveal that ventures or projects funded by government underperform ventures or pro-
jects funded by private investors (Alperovych et al., 2015; Bertoni & Tykvová, 2015; Colombo et al., 2016), which 
is led by “go it alone” strategy (Guerini & Quas, 2016), not good at coaching or monitoring (Rathje & Katila, 2018) 
and political distortion (Colombo et al., 2016). The government also wants to find out the reasons to improve grant 
efficiency and effectiveness. We innovatively propose that maybe there exists another critical reason, namely, the 
selection mechanism of the public fund. The selection process among innovation applicants is quite time-consuming 
and energy-consuming, the government absolutely wants to select the most promising innovative projects that are in 
urgent need of money. Identifying the relative importance of technology merit and team capability is helpful for the 
government to pick innovative start-ups with high potential. Understanding the selection process undoubtedly can 
help government officials make more rational judgments, allowing governments and experts to mitigate biases in 
uncertain conditions due to their individual experiences and beliefs, which is vital in the public sector where potential 
applicants should be treated equally. 

5.3 Limitations and future research 

Although this study exploits a unique dataset and offers valuable insights into the mechanism of public funding 
selection, we acknowledge some limitations exist. The first drawback stems from the generalizability of our findings 
since our findings are built upon InnoFund Beijing in the China context. China, however, represents an ideal setting 
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to examine the selection mechanism of public resources considering that the government plays an important role in 
stimulating innovation. In the future, it will be useful to undertake similar studies in other contexts to assess the extent 
to which our findings reflect general patterns or are specific to our context. It is worth noting that gaining access to 
rich, project-level, and firm-level information on public funding decisions remains a major challenge; since govern-
mental selection processes often remain hidden from public view. 

A second limitation of this study is that; we only explored how two kinds of experience, R&D experience, and 
business experience affect experts’ decisions, future research could include other interesting variables that were out 
of the present work. For instance, the embeddedness in the certainty industry could also influence evaluation experts’ 
decision-making on which applicant projects to be funded. 

It is also beyond the scope of this explorative paper to replicate findings on investment decisions in private venture 
capital research to further evidence the differences in preferences between public sectors and private sectors. Hence, 
future research could compare the selection mechanisms using different studies to extend the implication and value 
of our findings. It would be insightful to develop a research follow-up with policymakers and private investors gath-
ering a better understanding of their decisions and judgment. 

Despite these limitations, this study provides novel and unique insights into the often-hidden “black box” of how 
public funds pick promising and underfunded projects. By highlighting the essential role of technology merit and 
evaluation experts’ experience in determining access to public funds for innovative projects, we hope that this paper 
will encourage scholars to further contribute to the understanding of public fund management and the improvement 
of innovative entrepreneurship management. 

References 
Aiken, L. S., West, S. G., & Reno, R. R. (1991). Multiple regression: Testing and interpreting interactions. Sage. 
Alperovych, Y., Huebner, G., & Lobet, F. (2015). How does governmental versus private venture capital backing affect a 

firm’s efficiency? Evidence from Belgium. Journal of Business Venturing, 30, 508-525. 
Armanios, D. E., Eesley, C. E., Li, J., & Eisenhardt, K. M. (2017). How entrepreneurs leverage institutional intermediaries 

in emerging economies to acquire public resources. Strategic Management Journal, 38, 1373-1390. 
Baron, R. A., & Ensley, M. D. (2006). Opportunity recognition as the detection of meaningful patterns: Evidence from 

comparisons of novice and experienced entrepreneurs. Management Science, 52, 1331-1344. 
Beggs, A., & Graddy, K. (2009). Anchoring effects: Evidence from art auctions. American Economic Review, 99, 1027-

1039. 
Bertoni, F., & Tykvová, T. (2015). Does governmental venture capital spur invention and innovation? Evidence from young 

European biotech companies. Research Policy, 44, 925-935. 
Boeing, P. (2016). The allocation and effectiveness of China’s R&D subsidies—Evidence from listed firms. Research 

Policy, 45, 1774-1789. 
Bronzini, R., & Piselli, P. (2016). The impact of R&D subsidies on firm innovation. Research Policy, 45, 442-457. 
Carroll, R. J. (2017). Transformation and weighting in regression. Routledge. 
Cobb, J. A., Wry, T., & Zhao, E. Y. (2016). Funding financial inclusion: Institutional logics and the contextual contingency 

of funding for microfinance organizations. Academy of Management Journal, 59, 2103-2131. 
Colombo, M. G., Cumming, D. J., & Vismara, S. (2016). Governmental venture capital for innovative young firms. Journal 

of Technology Transfer, 41, 10-24. 
Corrado, C. A., & Hulten, C. R. (2010). How do you measure a “technological revolution”? American Economic Review, 

100, 99-104. 
Criscuolo, P., Dahlander, L., Grohsjean, T., & Salter, A. (2017). Evaluating novelty: The role of panels in the selection of 

R&D projects. Academy of Management Journal, 60, 433-460. 
Cumming, D., & Johan, S. (2017). The problems with and promise of entrepreneurial finance. Strategic Entrepreneurship 

Journal, 11, 357-370. 
Dimos, C., & Pugh, G. (2016). The effectiveness of R&D subsidies: A meta-regression analysis of the evaluation literature. 



Lun Li 
 

 

DOI: 10.26855/jhass.2025.01.027 202 Journal of Humanities, Arts and Social Science 
 

Research Policy, 45, 797-815. 
Ecken, P., & Pibernik, R. (2016). Hit or miss: What leads experts to take advice for long-term judgments? Management 

Science, 62, 2002-2021. 
Epley, N., & Gilovich, T. (2006). The anchoring-and-adjustment heuristic. Psychological Science, 17, 311-318. 
Foray, D., Mowery, D. C., & Nelson, R. R. (2012). Public R&D and social challenges: What lessons from mission R&D 

programs? Research Policy, 41, 1697-1702. 
Franke, N., Gruber, M., Harhoff, D., & Henkel, J. (2008). Venture capitalists’ evaluations of start-up teams: Trade-offs, 

knock-out criteria, and the impact of VC experience. Entrepreneurship Theory and Practice, 32, 459-483. 
Friedland, R., & Alford, R. R. (1991). Bringing society back in: Symbols, practices and institutional contradictions. 
Gruber, M., Kim, S. M., & Brinckmann, J. (2015). What is an attractive business opportunity? An empirical study of 

opportunity evaluation decisions by technologists, managers, and entrepreneurs. Strategic Entrepreneurship Journal, 
9, 205-225. 

Guerini, M., & Quas, A. (2016). Governmental venture capital in Europe: Screening and certification. Journal of Business 
Venturing, 31, 175-195. 

Haltiwanger, J., Jarmin, R. S., & Miranda, J. (2012). Who Creates Jobs? Small versus Large versus Young. Review of 
Economics and Statistics, 95, 347-361. 

Haltiwanger, J., Jarmin, R. S., Kulick, R. B., & Miranda, J. (2016). High Growth Young Firms: Contribution to Job, Output 
and Productivity Growth (SSRN Scholarly Paper No. ID 2866566). Rochester, NY: Social Science Research Network. 

Harrison, R. T., & Mason, C. M. (2017). Backing the horse or the jockey? Due diligence, agency costs, information and 
the evaluation of risk by business angel investors. International Review of Entrepreneurship, 15, 269-290. 

Hart, O. (1995). Firms, contracts, and financial structure. Clarendon Press. 
Henke, C. R. (2022). Social science for what?: Battles over public funding for the “other sciences” at the national science 

foundation by mark solovey. American Journal of Sociology, 127, 1411-1413. 
Hoetker, G. (2007). The use of logit and probit models in strategic management research: Critical issues. Strategic Man-

agement Journal, 28, 331-343. 
Ioannou, I., & Serafeim, G. (2015). The impact of corporate social responsibility on investment recommendations: Analysts’ 

perceptions and shifting institutional logics. Strategic Management Journal, 36, 1053-1081. 
Jourdan, J., & Kivleniece, I. (2016). Too much of a good thing? The dual effect of public sponsorship on organizational 

performance. Academy of Management Journal, 60, 55-77. 
Kapoor, R., & Furr, N. R. (2015). Complementarities and competition: Unpacking the drivers of entrants’ technology 

choices in the solar photovoltaic industry. Strategic Management Journal, 36, 416-436. 
Kolympiris, C., Kalaitzandonakes, N., & Miller, D. (2014). Public funds and local biotechnology firm creation. Research 

Policy, 43, 121-137. 
Lerner, J. (2010). The future of public efforts to boost entrepreneurship and venture capital. Small Business Economics, 35, 

255-264. 
Liu, T., Mao, Y., & Tian, X. (2017). The role of human capital: Evidence from patent generation. Kelley School of Business 

Research Paper. 
Lo, J. Y., & Li, H. (2018). In the eyes of the beholder: The effect of participant diversity on perceived merits of collaborative 

innovations. Research Policy, 47, 1229-1242. 
Maitland, E., & Sammartino, A. (2015). Decision making and uncertainty: The role of heuristics and experience in as-

sessing a politically hazardous environment. Strategic Management Journal, 36, 1554-1578. 
Mitchell, J. R., Shepherd, D. A., & Sharfman, M. P. (2011). Erratic strategic decisions: When and why managers are 

inconsistent in strategic decision making. Strategic Management Journal, 32, 683-704. 
Mitteness, C., Baucus, M. S., & Sudek, R. (2012). Horse vs. Jockey? How stage of funding process and industry experience 

affect the evaluations of angel investors. Venture Capital, 14, 241-267. 



Lun Li 
 

 

DOI: 10.26855/jhass.2025.01.027 203 Journal of Humanities, Arts and Social Science 
 

Mitteness, C., Sudek, R., & Cardon, M. S. (2012). Angel investor characteristics that determine whether perceived passion 
leads to higher evaluations of funding potential. Journal of Business Venturing, 27, 592-606. 

Mollick, E., & Nanda, R. (2016). Wisdom or madness? Comparing crowds with expert evaluation in funding the arts. 
Management Science, 62, 1533-1553. 

Murnieks, C. Y., Haynie, J. M., Wiltbank, R. E., & Harting, T. (2011). ‘I like how you think’: Similarity as an interaction 
bias in the investor-entrepreneur dyad. Journal of Management Studies, 48, 1533-1561. 

Mussweiler, T., Strack, F., & Pfeiffer, T. (2000). Overcoming the inevitable anchoring effect: Considering the opposite 
compensates for selective accessibility. Personality and Social Psychology Bulletin, 26, 1142-1150. 

Oehmichen, J., Schrapp, S., & Wolff, M. (2017). Who needs experts most? Board industry expertise and strategic change-
a contingency perspective. Strategic Management Journal, 38, 645-656. 

Pahnke, E. C., Katila, R., & Eisenhardt, K. M. (2015). Who takes you to the dance? How partners’ institutional logics 
influence innovation in young firms. Administrative Science Quarterly, 60, 596-633. 

Patel, P. C., & Wolfe, M. T. (2021). In the eye of the beholder? The returns to beauty and IQ for the self‐employed. 
Strategic Entrepreneurship Journal, 15, 487-525. 

Rathje, J. M., & Katila, R. (2018). Outcomes from institutional interactions: Does government funding help firm innovation? 
Academy of Management Proceedings, 2018, 14701. 

Shepherd, D. A., Zacharakis, A., & Baron, R. A. (2003). VCs’ decision processes: Evidence suggesting more experience 
may not always be better. Journal of Business Venturing, 18, 381-401. 

Sitruk, J., Grodal, S., Suarez, F., & Dibiaggio, L. (2025). Emotional brightness and crowdfunding performance. Research 
Policy, 54, 105094. 

Svetek, M., & Drnovšek, M. (2022). The jockey on the horse: What makes a winning ride in the eyes of early-stage inves-
tors? Small Enterprise Research, 29, 165-189. 

Takalo, T., & Tanayama, T. (2010). Adverse selection and financing of innovation: Is there a need for R&D subsidies? 
Journal of Technology Transfer, 35, 16-41. 

Tata, A., & Niedworok, A. (2018). Is beauty in the eye of the beholder? An empirical study of how entrepreneurs, managers, 
and investors evaluate business opportunities at the earliest stages. Venture Capital, 1-34. 

Thaler, R. H., & Johnson, E. J. (1990). Gambling with the house money and trying to break even: The effects of prior 
outcomes on risky choice. Management Science, 36, 643-660. 

Thornton, P. H., Ocasio, W., & Lounsbury, M. (2012). The institutional logics perspective: A new approach to culture, 
structure, and process. Oxford University Press on Demand. 

Tversky, A., & Kahneman, D. (1981). The framing of decisions and the psychology of choice. Science, 211, 453-458. 
Wang, Y., Li, J., & Furman, J. L. (2017). Firm performance and state innovation funding: Evidence from China’s Innofund 

program. Research Policy, 46, 1142-1161. 
Wang, Y., Siegel, J., & Li, J. (2024). Who captures the state? Evidence from irregular awards in a public innovation grant 

program. Strategic Management Journal, 45, 2420-2458. 
Zelner, B. A. (2009). Using simulation to interpret results from logit, probit, and other nonlinear models. Strategic Man-

agement Journal, 30, 1335-1348. 
Zhou, J., Li, J., Jiao, H., Qiu, H., & Liu, Z. (2020). The more funding the better? The moderating role of knowledge stock 

on the effects of different government-funded research projects on firm innovation in Chinese cultural and creative 
industries. Technovation, 92-93, 102059. 

Zhou, J., Wang, X. M., Bavato, D., Tasselli, S., & Wu, J. (2019). Understanding the receiving side of creativity: A multi-
disciplinary review and implications for management research. Journal of Management, 45, 2570-2595. 


